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1
Data Summary

1.1 What is the purpose of the data collection/generation and its relation to the objectives of the
project?
The purpose of the described data is to perform experiments associated with the technical objectives
of the SMARDY project:
• Having at least three data formats standardized and included within the catalogue of the
SMARDY platform, enabling the translation between data formats. (KPIs from O1 in Project
Description).
• Having a harmonized code style and standard metadata related to the dataset and the aggregation in search services. (O1.1 in Project Description).
• Developing a secure data transfer/source code that guarantees certain access properties. (O1.1
in Project Description).
• Achieving a response time for searches that is below 5 min guaranteeing the availability of
data access 95% of time (KPI from O2 in Project Description).
• Include and consider at least three types of contract research, regulated nationally and internationally, with specific confidentiality and security features, including the software and
source code generated in relation to that data, as “types of research data” (KPI from O3 in
Project Description).
The SMARDY platform aims to allow any researcher to upload research data, regardless of type or
format. However, to illustrate the platforms’ functionality, three different data types are considered
as case studies. These are described in detail in the following section and are referenced throughout
this document.

1.2 What types and formats of data will the project generate/collect?
Case Study 1: Internet of Things (IoT) telemetry data related to air quality
Data stored in long tabular format as a comma-separated value (CSV) file. The following measurements are present in the dataset:
• Time and date of measurement
2
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• Air humidity
• Particles <1 µm in size
• Particles <10 µm in size
• Particles <2.5 µm in size
• Air pressure
• Temperature
Example rows from this dataset are included in the Appendix to this document for reference.
Case Study 2: Prospectively collected survey data on attitudes towards mental health
in an Irish population-representative sample
Data stored in tabular format, and the following measurements are present in the dataset:
• Gender
• Age
• Occupation
• Level of education
• Income level
• Living location (city, suburb, town, rural)
• Country of residency
• Country of birth
• Responses to pre-validated attitude surveys
– AQ-9
– Mental Health Knowledge Questionnaire (MHKQ)
– Reported and intended behaviour scale (RIBS)
– Level of Contact Report
– 5 Question Stigma Indicators for six conditions (schizophrenia, bipolar disorder, epilepsy,
autism, substance abuse and adverse childhood events)
• Agreement/disagreement with statements related to six conditions (schizophrenia, bipolar
disorder, epilepsy, autism, substance abuse and adverse childhood events):
– Perception of condition
– Evaluation of perceived danger related to condition
– Personal acceptance of conditions

1.3 Will you re-use any existing data and how?
For Case Study 1 will be using historical data provided by BEIA consultancy. For Case Study
2, there will be a primary data collection. In terms of reuse within our own project, the data will
be used as benchmark to perform all the experiments already mentioned to achieve the KPIs, and
potentially reused as well as part of future stages of the SMARDY platform development.

SMARDY: 8/Apr/22
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1.4 What is the origin of the data?
Case Study 1: The IoT dataset is provided by BEIA. Data were collected using a WiFi-enabled
Libelium Plug & Sense! (Smart Cities Pro model).
Case Study 2: The survey data is provided via a collaboration with the Cloud Competency Centre
and the Psychology departments at NCI. Data will be collected from a population-representative
sample of Irish participants by Qualtrics.

1.5 What is the expected size of the data?
Case Study 1: Up to 1 GB of telemetry data.
Case Study 2: 1000 participants.

1.6 To whom might it be useful (“data utility”)?
Initially, the uploaded data will be useful only for the developers of the SMARDY platform. As
the platform matures, potential users could access to these datasets in a “demo” fashion.

SMARDY: 8/Apr/22
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2
FAIR data

2.1

Making data findable, including provisions for metadata

2.1.1 Are the data produced and/or used in the project discoverable with metadata, identifiable and
locatable by means of a standard identification mechanism (e.g. persistent and unique identifiers
such as Digital Object Identifiers)?
All data used as part of the development and testing of the SMARDY project will be archived via
Zenodo. Zenodo allows for researchers to detail the datasets, provide useful meta-data (keywords,
etc) to increase the findability of the data, assign a licence to the reuse of the data, and mint a
permanent Digital Object Identifier for the specific uploaded version of the data.

2.1.2 Will search keywords be provided that optimize possibilities for re-use?
Yes, it is intended to use metadata as part of the searchable information within the data repository.
This metadata would comprise features such as Science domain, Size and Organisation, and other
terms specific to the case study.

2.1.3 Do you provide clear version numbers?
We propose the following versioning standard, Major.minor.patch, as:
• Major (1.*.*): changes in the dataset content that yield a different dataset, such as update
with new observations or variables.
• Minor (*.1.*): changes in the metadata of the dataset, but that do not affect the data of the
major version.
• Patch (*.*.1): Minor updates in response to an issue identified in the dataset. A ready example
would be string values in a numeric variable.

2.1.4 What metadata will be created? In case metadata standards do not exist in your discipline, please
outline what type of metadata will be created and how.
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2.2. Making data openly accessible

The SMARDY platform will require researchers to provide detailed metadata alongside their data
uploads, specific to the type of data being uploaded. Generic metadata would capture fields such
as:
• Version number
• Creator/maintainer
• Source (Github repository, etc.)
• Functionality (Preprocessing, Visualisation, Analysis, etc.)
• DOI/repository for related code
• Science domain (Links to field specific metadata, see discussion below)
• Size
• Organisation
Depending on the Science domain field, different metadata standards will be contemplated.
For those case studies using tabular data, a data dictionary will be created including information
on the variables contained in the dataset, their type and scale (e.g. mmHg, millilitre, or a response
scale where 1 is lowest and 5 is highest), and how they were collected.

2.2

Making data openly accessible

2.2.1 Which data produced and/or used in the project will be made openly available as the default? If
certain datasets cannot be shared (or need to be shared under restrictions), explain why, clearly
separating legal and contractual reasons from voluntary restrictions.
It would be convenient to define a “demo” dataset that could be publicly available within the
platform. Ideally this data would be the one we used to obtain the Key Performance Indicators
about the capabilities and functionalities of the launched platform version. Thus, users could
reproduce the performed experiments, checking the same metrics with their own devices.
In addition, the data used to assess the project KPIs, and the results arising from these tests, will
both be uploaded to Zenodo (described above in Question 2.1.1).

2.2.2 How will the data be made accessible (e.g. by deposition in a repository)?
All relevant data (i.e. underpinning the case studies and arising from tests of the KPIs) will be
archived on Zenodo.

2.2.3 What methods or software tools are needed to access the data?
All data will be archived on the Zenodo repository, which is available to anyone with a web-browser.

2.2.4 Is documentation about the software needed to access the data included?
Yes, the Zenodo repository has extensive documentation available to potential re-users.

SMARDY: 8/Apr/22
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2.2. Making data openly accessible

2.2.5 Is it possible to include the relevant software (e.g. in open source code)?
Yes, the code used both to serve the SMARDY platform and to test the relevant KPIs will also be
archived in Zenodo (via the GitHub) and will be cross-linked with the appropriate dataset. This
will be particularly important for the results of benchmarking tests, so that other can assess the
methods/tools used to produce the results.

2.2.6 Where will the data and associated metadata, documentation and code be deposited? Preference
should be given to certified repositories which support open access where possible.
Data, and accompanying metadata/documentation/analysis code, will be initially uploaded to a
GitHub repository, and will be permanently archived using Zenodo, a recognised data deposition
repository created/maintained by OpenAIRE and CERN. Zenodo also assigns a permanent Digital
Object Identifier (DOI) to each archived repository, improving findability and making the dataset
easier to cite.

2.2.7 Have you explored appropriate arrangements with the identified repository?
During project development, access to case study data and materials will be restricted to the core
project team (managed via organisational permission on GitHub). Only members of the SMARDY
project team will have access to the organisational content.
On completion of the project, all relevant data and code will be made available via Zenodo. With the
exception of very large file uploads, Zenodo has a user-driven process for uploading and publicising
data. As such, no specific arrangements have been made with the repository for this project.

2.2.8 If there are restrictions on use, how will access be provided?
During the project, any user who wants access to the organisational repository should contact one
of the core project team members, proving their identity and justifying their access requestion. On
project completion, all data will be made openly available without restriction.

2.2.9 Is there a need for a data access committee?
All data will be publicly available from the Zenodo repository on project completion, and access
will not be subject to approval from a data access committee.

2.2.10 Are there well described conditions for access (i.e. a machine readable license)?
Yes, conditions for access and reuse will be described in the licence accompanying any uploaded
data. In all cases, we will use the most permissive licence possible (most commonly MIT). However,
because we intend to reuse existing data, we may be limited by whatever licence the data was
originally provided under. Machine readable licenses are also under consideration.

2.2.11 How will the identity of the person accessing the data be ascertained?
By contacting any of the core project team members managing the access permissions to the
organisational repository. This contact should be done via email.

SMARDY: 8/Apr/22
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2.3

2.3. Making data interoperable

Making data interoperable

2.3.1 Are the data produced in the project interoperable, that is allowing data exchange and re-use
between researchers, institutions, organisations, countries, etc. (i.e. adhering to standards for
formats, as much as possible compliant with available (open) software applications, and in particular
facilitating re-combinations with different datasets from different origins)?
Yes, this is part of the technical goals of the SMARDY project. See Section 1 (Data summary).
Tabular data will be available as machine-readable CSV files, while other domain-specific formats
will be available in standardised formats already established in that science domains.

2.3.2 What data and metadata vocabularies, standards or methodologies will you follow to make your
data inter-operable?
Already existent standard for specific data formats will be adopted according to the Science Domain
related to each dataset. For as many data formats as possible, standards used within that fields or
included in the Metadata Standards Directory (https://www.dcc.ac.uk/guidance/standards/
metadata) will be used.

2.3.3 Will you be using standard vocabularies for all data types present in your data set, to allow interdisciplinary inter-operability?
Yes. Some of the data types being used already have a pre-defined dictionary that will be used along
the project. Standard translation systems between such format and others is also contemplated as
part of the project (see Objective 1 from the Project Description).

2.3.4 In case it is unavoidable that you use uncommon or generate project specific ontologies or vocabularies, will you provide mappings to more commonly used ontologies?
As part of the SMARDY premise is to make data findable and shareable, this can imply to propose
new standards in case they are absent for specific types of information. If so, it is likely that relations
with pre-existing ontologies are established to clarify the comprehension of new standards proposed
during the project.

2.4

Increase data re-use (through clarifying licences)

2.4.1 How will the data be licensed to permit the widest re-use possible?
Data will be deposited using the most permissive licence possible (likely the MIT license). However,
as we are using existing datasets for some case studies, we are restricted in the level of sharing by
the licences assigned to those datasets.

2.4.2 When will the data be made available for re-use? If an embargo is sought to give time to publish or
seek patents, specify why and how long this will apply, bearing in mind that research data should
be made available as soon as possible.

SMARDY: 8/Apr/22
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2.4. Increase data re-use (through clarifying licences)

The data used in, and resulting from, the tests of the SMARDY platform will be made publicly
available at the same time the report on our findings is released.

2.4.3 Are the data produced and/or used in the project useable by third parties, in particular after the
end of the project? If the re-use of some data is restricted, explain why.
Data supporting the experiments used to test the KPIs of the SMARDY project will be made
available to third parties, along with the underlying code, to enable thorough review/re-analysis.
Regarding the rest of datasets potentially included, that will depend on their provider’s licensing
(see Question 2.4.1).

2.4.4 How long is it intended that the data remains re-usable?
The data will be permanently archived on Zenodo (see Question 2.1.1 for a fuller description of the
benefits of the Zenodo repository).

2.4.5 Are data quality assurance processes described?
Data quality assurance processes will be described using the metadata accompanying the deposited
datasets. In addition, the code used to run quality assurance checks (expected variables, data
types, variable completeness/etc) will be available in the organisational GitHub repository, and its
documentation will be publicly available, explaining with detail the applied procedures.

SMARDY: 8/Apr/22
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3
Allocation of resources

3.1 What are the costs for making data FAIR in your project?
It is difficult to estimate the full cost of making SMARDY data FAIR at this point. However,
there are provisions in the original grant to deal with such costs.

3.2 How will these be covered? Note that costs related to open access to research data are eligible as
part of the Horizon grant (if compliant with the Grant Agreement conditions).
All expenses related to making data FAIR will be covered via the SMARDY grant.

3.3 Who will be responsible for data management in your project?
Ultimate responsibility for data management will be regulated by the SMARDY Consortium
Agreement.

3.4 Are the resources for long term preservation discussed (costs and potential value, who decides and
how what data will be kept and for how long)?
Data both collected and produced will be deposited on Zenodo, a recognised repository, and/or on
the NCI private cloud. Zenodo currently does not charge for data storage while the cost of storage
on the NCI private cloud infrastructure is covered via the SMARDY grant.
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4
Data security

4.1 What provisions are in place for data security (including data recovery as well as secure storage
and transfer of sensitive data)?
Access to the data
Prior to dissemination, access to the study data will only be granted to members of the project
team. However, on publication of the report, the data will be made widely available (see previous
sections).
Back-up and data recovery
During the project, data will be stored on the study team’s computer, and backed up to both a
(private) GitHub repository and to the BEIA/NCI private cloud storage facilities. On completion
of the project, the data will be deposited to Zenodo.
Sensitive data
We plan to work with IoT and anonymised survey data, and so there is no risk of sensitive (personal
or proprietary) data being accidentally published.

4.2 Is the data safely stored in certified repositories for long term preservation and curation?
Data will be archived on Zenodo.
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5
Ethical aspects

5.1 Are there any ethical or legal issues that can have an impact on data sharing? These can also be
discussed in the context of the ethics review. If relevant, include references to ethics deliverables
and ethics chapter in the Description of the Action (DoA).
This is not applicable to Case Study 1, which makes use of sensor data that are already in the
public domain.
For Case Study 2, which deals with participant data, ethical approval for use of the anonymised
survey responses in this project has been sought.

5.2 Is informed consent for data sharing and long term preservation included in questionnaires dealing
with personal data?
This is not applicable to Case Study 1, while for Case Study 2, informed consent for the survey
data is managed by Qualtrics.
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6
Other issues

6.1 Do you make use of other national/funder/sectorial/departmental procedures for data management? If yes, which ones?
For the Case Study 1 about air quality sensors data, BEIA will share the data directly with NCI
team.
For the Case Study 2 about Mental Health Sigma, the data will be actually recorded by Qualtrics,
sharing it with the Psychology team from NCI, who will then share it with NCI SMARDY
team. The data management procedure used by Qualtrics conforms to all the principles for data
management practices.
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The DMP contains four appendices:
• Appendix A: Table summary with questions included in the DMP;
• Appendix B: Illustrative example of exploratory data report based on a piece of the BEIA air
quality data (case 1);
• Appendix C: Illustrative example of data map and dictionary based on a draft of the Psychology
data (case 2);
• Appendix D: Glossary of terms.
These appendices have illustrative purposes, and are intended to be updated and generated for each data
set included in new or updated DMPs.

APPENDIX A - Horizon 2020 DMP FAIR Guidance
In preparing this document, we made use of the Horizon 2020 guidance on FAIR data, which is summarised in Table 1, below.

Table 1: FAIR Data Management at a glance: issues to cover in your Horizon 2020 DMP

DMP component

Issues to be addressed

14
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1. Data summary
• State the purpose of the data collection/generation
• Explain the relation to the objectives of the project
• Specify the types and formats of data generated/collected
• Specify if existing data is being re-used (if any)
• Specify the origin of the data
• State the expected size of the data (if known)
• Outline the data utility: to whom will it be useful
2. FAIR Data
2.1. Making data findable, including provisions for metadata

• Outline the discoverability of data (metadata provision)
• Outline the identifiability of data and refer to standard identification mechanism. Do you make use of persistent and unique identifiers such as Digital Object Identifiers?
• Outline naming conventions used
• Outline the approach towards search keyword
• Outline the approach for clear versioning
• Specify standards for metadata creation (if any). If there are no
standards in your discipline describe what type of metadata will be
created and how

2.2 Making data openly accessible

• Specify which data will be made openly available? If some data is
kept closed provide rationale for doing so
• Specify how the data will be made available
• Specify what methods or software tools are needed to access the
data? Is documentation about the software needed to access the
data included? Is it possible to include the relevant software (e.g.
in open source code)?
• Specify where the data and associated metadata, documentation
and code are deposited
• Specify how access will be provided in case there are any restrictions

SMARDY: 8/Apr/22
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2.3. Making data interoperable
• Assess the interoperability of your data. Specify what data and
metadata vocabularies, standards or methodologies you will follow
to facilitate interoperability.
• Specify whether you will be using standard vocabulary for all data
types present in your data set, to allow inter-disciplinary interoperability? If not, will you provide mapping to more commonly used
ontologies?
2.4.

Increase data re-use

(through clarifying licences)

• Specify how the data will be licensed to permit the widest reuse
possible
• Specify when the data will be made available for re-use. If applicable, specify why and for what period a data embargo is needed
• Specify whether the data produced and/or used in the project is
useable by third parties, in particular after the end of the project?
If the re-use of some data is restricted, explain why
• Describe data quality assurance processes
• Specify the length of time for which the data will remain re-usable

3. Allocation of resources
• Estimate the costs for making your data FAIR. Describe how you
intend to cover these costs
• Clearly identify responsibilities for data management in your project
• Describe costs and potential value of long term preservation
4. Data security
• Address data recovery as well as secure storage and transfer of sensitive data
5. Ethical aspects
• To be covered in the context of the ethics review, ethics section of
DoA and ethics deliverables. Include references and related technical aspects if not covered by the former

SMARDY: 8/Apr/22

16

Appendices

6. Other
• Refer to other national/funder/sectorial/departmental procedures
for data management that you are using (if any)

SMARDY: 8/Apr/22
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APPENDIX B - Summary of IoT telemetry dataset,pages=1

Sensors report
Dataset description
This is a small report summarizing some properties about the BEIA sensors data. The
data provided by BEIA is related to air quality parameters. We have measured 6
parameters: air humidity, PM1 (particles <1 𝜇m in size), PM10 (particles <10 𝜇m in
size), PM2_5 (particles <2.5 𝜇m in size), air pressure, TC (temperature)
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##

Row ID
Length:12232
Class :character
Mode :character

PM2_5
Min.
: 10.44
1st Qu.: 35.28
Median : 47.82
Mean
: 50.30
3rd Qu.: 62.70
Max.
:231.78
NA's
:346

HUM
Min.
:24.01
1st Qu.:31.63
Median :33.30
Mean
:33.99
3rd Qu.:35.86
Max.
:49.46
PRES
Min.
: 98590
1st Qu.:100469
Median :101123
Mean
:100985
3rd Qu.:101561
Max.
:102886
NA's
:138

Eploratory data analysis
Explore the histograms of each variable

SMARDY: 8/Apr/22
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PM1
Min.
: 9.48
1st Qu.: 31.60
Median : 42.49
Mean
: 44.84
3rd Qu.: 55.87
Max.
:199.98
NA's
:460
TC
Min.
:22.84
1st Qu.:23.22
Median :23.44
Mean
:23.66
3rd Qu.:23.83
Max.
:26.27
NA's
:111

PM10
Min.
: 10.45
1st Qu.: 35.75
Median : 48.25
Mean
: 50.80
3rd Qu.: 63.19
Max.
:272.64
NA's
:237

Explore the boxplots

Explore pair-wise correlations between pairs of variables

Appendices

APPENDIX C - Summary of Mental Health Attitude Survey dataset
Data dictionary for the Mental Health Attitude Survey dataset.
• Demographics. The response levels for this block of variables are based on the census answers. If
a wider range of responses is updated, so will be the DMP.
– Gender
∗ Responses: Male or Female.
∗ Variable type: string.
– Age
∗ Responses: integer (years of difference between actual date and date of birth).
∗ Variable type: numeric (age) and date as dd/mm/yyyy for the date of birth.
∗ Mapping: Asked as date of birth, so that age can be calculated.
– Occupation
∗ Responses: Free-text box
∗ Variable type: string
– Level of education
∗ Responses: No formal education/training, Primary education, Lower secondary, Upper secondary, Technical or vocational, Advanced certificate/Completed apprenticeship,
Higher certificate, Ordinary Bachelor degree of National Diploma, Honours Bachelor degree/Professional qualification or both, Postgraduate Diploma or Master’s Degree, Doctorate (Ph.D.) or higher
∗ Variable type: string
– Income level
∗ Responses: Categories of income level
∗ Variable type: Ordinal
– Living location
∗ Responses: City, suburb, town, rural
∗ Variable type: string
– Country of residency
∗ Variable type: string
– Country of birth
∗ Variable type: string
• AQ-9 Questionnaire
– 9 statements describing respondents feelings towards a description of a person living with a
mental health issue.
– Responses: 1-9, with higher numbers indicating greater agreement with the statement
– Variable type: Numeric
SMARDY: 8/Apr/22
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• Mental Health Knowledge Questionnaire (MHKQ)
– Series of 20 questions about mental health, presented as statements to which the respondent
can agree/disagree
– Responses: Yes/No
– Variable type: Binary text
– Mapping: As this is a knowledge test, the correct answer for each statement is provided, and
so a "correct" variable, coded as T/F, could be computed.
• Reported and intended behaviour scale (RIBS): Part 1
– Series of 4 questions, related to experience of people who have mental health problems.
– Responses: Yes/No/Don’t know
– Variable type: String
• Reported and intended behaviour scale (RIBS): Part 2
– Series of 4 statements, related to views of people who have mental health problems.
– Responses: Agree strongly/Agree slightly/Neither agree nor disagree/Disagree strongly/Disagree
slightly/Don’t know
– Variable type: String
• Level of Contact Report
– Series of 12 statements, describing increasingly familiarity with mental health conditions.
– Responses: Yes/No
– Variable type: String
– Mapping: Familiarity defined as rank score of the most intimate situation a responded said
"Yes" to.
• Questions relating to personal experience of psychological/ neurological conditions
– Two multiple choice questions, asking if the respondent or a loved one of the respondent had
ever had one of the listed psychological/ neurological conditions
– Responses: Schizophrenia, Bipolar disorder, Autism, Eating Disorder, Anxiety disorders (including OCD), Depression, Epilepsy, Personality Disorder, Substance abuse (drugs/alcohol),
Other (specify)
– Variable type: String
– Mapping: A response of "Other" requires a free text response, and so there is a linked string
variable for this.
• 5 Question Stigma Indicators for six conditions (schizophrenia, bipolar disorder, epilepsy, autism,
substance abuse and adverse childhood events)
– For each condition, 5 questions asked -> 30 variables in total
– Responses: 0 (Never), 1 (Sometimes), 2 (Often/usually), 0 (Don’t know)
– Variable type: Numeric
• Perception of condition
SMARDY: 8/Apr/22
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– Agreement/disagreement with series of 9 statements related to three conditions (schizophrenia,
bipolar disorder, autism) -> 27 variables in total
– Responses: Strongly agree/Agree/Neutral/Disagree/Strongly disagree
– Variable type: String
• Evaluation of perceived danger related to condition
– Agreement/disagreement with a two statements, related to perceived threat to the person/to
other of six conditions (schizophrenia, bipolar disorder, epilepsy, autism, substance abuse and
adverse childhood events) -> 12 variables
– Responses: Strongly agree/Agree/Neutral/Disagree/Strongly disagree
– Variable type: String
• Personal acceptance of conditions
– Agreement/disagreement with a three statements, related to acceptance of six conditions
(schizophrenia, bipolar disorder, epilepsy, autism, substance abuse and adverse childhood
events) -> 18 variables
– Responses: Yes happily/ Yes if I had to/ Absolutely not
– Variable type: String
• Additional comments
– Free-text box to submit additional comments to the researchers
– Variable type: String
Blocks represent an intermediate level of abstraction used to represent schematically the information expected about each instance of the dataset. This grouping will depend on the context of each
dataset. In the psychology data case, blocks have been established according to the thematic of certain
groups of questions. These blocks answer a bigger research question that has been subdivided in smaller
pieces of information (individual questions or variables). For instance, the Demographics block tries to
answer “what type of person (age, social class, etc.) is answering this questionnaire? ”; and, to answer
that generic question, there are eight more specific questions concerning this matter.
This summary map can also ease a visualization of the information recorded for each observation.
In Figure 1, tags indicate the following information <Name of block; # variables; % variables>.
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Figure 1: Summary map of the information expected for a given instance of the dataset
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APPENDIX D - Glossary of Terms
• CERN: Conseil Européen pour la Recherche Nucléaire
• DMP: Data Management Plan
• DoA: Description of Action
• DICOM: Digital Imaging and Communications in Medicine
• DOI: Digital Object Identifier
• DTSL: Digital Technology Skills Ltd
• FAIR: Findable – Accessible – Interoperable – Reusable
• IE: Ireland
• KPI: Key Performance Indicators
• MIT: Massachusetts Institute of Technology
• NCI: National College of Ireland
• NIFTI: Neuroimaging Informatics Technology Initiative
• O(X): Objective X (as O1, would be Objective 1 of the Project proposal)
• RO: Romania
• UPB: Universitatea Politehnica din Bucuresti
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